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23|52 | Ab | Zoom, 7}7t2E, Notion
7|EfALRE AWS EC2 (g5.2xlarge / A10G GPU), S3, EBS
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5. 716} AL [BEEA EEEFHA X3 Z=2AHEQ 71X](Value)] 2 A%}
=9
D ¥ 3sld A5 (Performance)
B xz2AEE Ax &Y eld E3F = Diffusion 7|8 A 2dL melEYsly, 7=
HE olmx] A Zd i vl A 21 HtY ASEE FA FEAFHT
Stable Diffusion, ControlNet, LoRA¢} -8 B-<=9] Diffusion AlE RS %3 - &8st
a3t , A, FdEl 5 OYs 218 AESHA HtdE 4 o, olE FI nEFEZ

= TT
Al A} o]w] x| Ag/\g% 21 & 319 o}

o o]27 =7 Diffusion =d-& iterative denoising A F3 A2 ojH|A=
AR o R AL F o, 21 REs ZA2FstH 54 =Wl 53 &9
7Hs 3kt

g—o AWS EC2 GPU 3+ oA 435, CUDA - PyTorch - Conda 71%+e] A4S 1
}04 e do| A 7Heds BAST dolE 24 A dY A=E A3l ELQT
HEde HAgst o, Git 718k M #eg] 9 Weights & Biases - CSV 21 A%
33l @_64 A4S AAZHoE HEsATE olE T3 FY A ALY 2 FF
Ndo] go]stth

Fl

3) Ab&4 (Usability)

AR BT R B3s AASHA s ) 7 /JIE ol 25 T

. oA g
e A3 nfx3 AA

. ZEZE g9

goz A3 ouAE A& 5 Uk

i)
o ot
>
>

A s AL A& 9P, A
= shel 99 Ae4L BT

&
& =

4) Bt (Security)

ZZAE MW= AWS EC2 A A &9, SSH ¥ Jupyter XE HT& EA IPErt
AgstAdr. =g Az =d1 o|nA] HolE= WZE AAitolmg R FH&o] AdH
HHAP A F2E Hgste HolE RS 7F3stith
5 &arg]&2] F2A (Creativity of Algorithm)

& AdagSo] o E3EFA| i, Mask - Sketch - Reference Image 5 B9 %74 7%
AR 7S =2 - A8t A4 A4S gAsIAYH olE B Alx A vES A
Zt2 HstE NP Ao, 71E AT ApEsEE oA dagE: AAE T
Akt
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6) wlolElst T2 agle] 7hA

N Az HolENe AA - AT 2 W Y4 F§ s G =
WASAY. 8¢ 21, Wb A%, A3} ovlA, AXel L=AA FF wH| ],
F 0E A4t 2HAME A4 7FsT AT ALoRA XE A,

FAE FZE Plug-and-Play W2l o2 A st A2 AH BEdojly =41 RS 47
F7HE = Atk ol 8l HolE R EA Ao AH s, g Ax @B
2 g4 71sd HE Ve Ao s AT £ Yt
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. I=HE W {8

1l Z2AHE FYPIA

Z2ME 7|7t (10| 2 EEY AIO|E 7|& 2025. 4. 1. ~ 2025. 10. 31.
oZdHE 7|7
38 |48 |58 6% | 78 | 8® | 9 | 108
A z2dE e L HY Jle A=
24 Z2HE F2 7|5 HE YA UE
Clo[H A =%
A—Ij;”
=
ot RE O MAY
29 sty 9 AH3
7he StE T M S 4t
NN
HAE A olojxX| 2 F7t &l 45 EdF
= A= HOAM XA O ZDOX E2

2A4 - gegel 71ed 4% 4 F2
: = =

FAd 1. ZRAE 279 & Diffusion 2d-E& A S5E 23 d&sts o=z
AAY oY, 1% GPU ¥ i+t #Ado] Hasithe dAA Ak AHsiAth
A2 ek 1 A=S WA, Abd g4% Stable Diffusion @8 7[¥to g I Q3
F25 7A 23 ([Fine-tuning) st WA o= HIZsHAT ol& T A &AEE
HaigelHAE A =rle 483 A5 == + AU

S HlolE T W

2 < A
ojm x|} AZHNG) o]m| x| 2] #Hpain< sl mdo] F FH= o] Aol&

_22_




ShEst=s shlal, 2% Mask ov|AE @A Azt 54 HA - o] 2=
Aoz HFYE 5 AEF ST ol T RHL Ho ddzola Add Adge
RS o dden, 24 Az gl 2 ST FARE F49 dHolHE dRd
AN

A4 3 : DataLoader worker <=¢} prefetch factorE %S uj, A]2~& RAMO]
AR A =Eale] Sk &7 A3 A OOM(Out-of-Memory) 5771 A &1 o
3|2 ®eQF 3 ¢ Dataloader 27| E]E num_workers=2~4, prefetch_factor=1~22 &
W 2e BFe 9355t th. tste] persistent_workers=False2 A A3 epoch £& A
HEEE 3|5t =S /A, pin_memory A& &A43lste] GPU HE £5&5
MAEHEA WEE LS A5G

EAE 4 w2y AR <l worker 5 Zo|H <5 £L7 A=
trade-off 7} A3} T

)2 Qb 4 : xFormerse} SDPA(Self-Attention Optimization)E w®lx 2 -&3f 714 w&
ol g wABAT. GPUAA bfl6 A4to] 7H5E 7A¢ FP16 Tl bfleo= 7 §ate]
AT S5 FA SR

F

re
[

FAHE 5 B ZRAES 27| % OK olHAd] wo]=2E FUd F NG o]n~|
AAE At TEE AL T ol S mde| =

o Z: ¢ -prediction T+ v-prediction)®} o] ZUE= HZog, mdo] A JHS
FHAHo R ShFehA Fotal AR o|m A= HESHEAE Ao] 31
SAZF HEFS T
ARt 5 TF HFEE NG oJm|A] + ko] F9 - 3 kol&(e) B
velocity(v) dl&o = =

ControlNet#} UNete] “Fojzl mp~3
FAsfoF skt & AFH R S5
HA3 7S A A8t A7 W R+

A ol 4= Inpaint + ControlNet M &S AEste, A& oA & 2
ARE A% ¥ maske] APt F35}

-
o8 B3 “UAE WE + AY Fx Gt TIAE BEES IHT 5 Aok
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M o)A AT loss NaN 24, wl=e] @A, 2% 9 2% A4 5& Aot
dpo R LAAAY, S TEE BE S4B Bl 2gsn T AW
MusEA 24 A 5UL 71e & AN 53, 9esl 2d oA E AT 2
Aol ohet o) ol EH O PA ghiA, ofdl WA O Aol HEAE olsshs
o] wjs o itk
Eg ZRECS - MAE - 5E - Qxest §714 0% AR olof AAH AH 2}
HAesiths A ALt wedl 2l 4% Folt Aol ohlel, AR sk UL
IRAQ Ar &, Hole HelZA qelslol ZRAES WA HgE Ak AL
3l
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v. J|tigl 2 &
1. Z2AEY 7|IHgad
Foll Az FAANAL HolH B BAE S3FHO=E 2T 5 Ut

HEZzAES o
AA E7F dlolElE FH3Y] ofE & FHAAE, AZH Al 7| oy T4

=3 1=

= -1

AW AeoRA T A 48 NIT EFD S5 HelHAL FAY & ok
o)% B e 2wt v

AL/ B gA FRE P

& HelHAle] HAE FHs] mal Sl T AnsE ABFOEA, UA
Az BANA A% A BY 5 A

o dolE = Hl& - A B
7| &l HbEEY oiFF dioly 3 2 epEE A A dAYstE g vl 8- Al gto]
HoFEH, 829 dolg A2k fLEo] 7}53sho)

o =4 dy 2 AN T
B ZRAES wdS Vo s 3 FH HAA AzEe 758 A5, BFE e 3 ALY
34 284 TR ood F A

o A dAe] gAY A& 7)o
A48 Al 718F 2% dlolH A 7lee AxYd dete] ~ntEdED A3 Al 7wk
=4 P FE Fol 7148 + AH.

)= gAsto 2
H| A A 2~"le] @ Ek(False Positive) @ v BH(False Negative) ¥ &S 2= 4= Ut

o AAEA B EF AF AN2E x5



FAE AT dHolHE &8s A4t vl ol F 5 Fd At HEH S AR d5Fem
A, Adv] gA RS B8 A 5l AL gAY Pl 71

2) vl Al HlojE 2% =7

B 7)1&e Al dolE ayl ofge Al dHolg % 2 BFE fas 13 Heol
B 4 =72 &84 + Stk
« tlolE st Blg Az
AA B S A NErt U 29 84 Aokl gtk B Ues :%L%_o}rﬂ =9
3t GGOK) olFAE 7INte R Tt Fee] A lUleE A7dste], dloly 3

9 ghilE vRS A A ¢ Ak
o 3 At wyl A

AA Ao A AL wASEA] AR, FEH A FHolA FaoAHol =2 A Z2AF

(rare defect) & AFZ o

ARSI gEE =

- A Hg 3

S3tk

3) ~rtEdEe 9 A4 AEH AxY
srlEREY 75 A, Al 9 4 4% RES A4 A5 5ge 94 2xoln
Nee oled g A5 AeAwe] AHH D A Fael AW 4P & Yk,
o A B AA D AEHCl WA B8
A7 HolEE $45] 3 dolEE A4sl Al ¥4 A4 =E
AR B 8 AEY ¢ ATk 0B Fal AFE A 27] wARH sz gl
e E Rl shsst,
. AL AN AZEC A% G4
FHo2 AgA A4E A3 g
A 87 MEEY, AR, kolz B WE A% AsE Aasy 5

rfe

1S o

rlo N
2
2
>
re
—
{2
e
i
U
=,
El
Ho
=
o
o
W2
-
A
td
mL‘
ol
olN
e
S,
i
ol
%
>
)
of

Wt AF/1B SAA Al Az N @
3 % 5

AE Asta, 7142 HolHzE A% 7}
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